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THIS IS WHAT
YOU’VE BEEN
PREPARING FOR.
YOUR CAREER
STARTS HERE.

Fidelity CAREERS FIND YOUR FIDELITY



Fidelity CAREERS

Tech at Fidelity

Over 12,000
technologists globally

Leap program graduates
across the globe since
2009, with Fidelity jobs
waiting for them.

L

A start-up attitude
without the risk

Invest $2.5B annually
in game-changing
tech platforms

FIND YOUR FIDELITY



Technical Internships

Paid Internships
* Hands-on and meaningful work

e Current business projects impacting our
business, associates or customers

* Make a real business impact

Networking opportunities

Fidelity CAREERS FIND YOUR FIDELITY



CONNECT

Build a valuable network
of your fellow technology
peers that will support
you throughout your
Fidelity career.

Fidelity CAREERS

LEARN

Engaging technology,
business, and professional
skills courses while working
on real-life projects - all
with company-wide
impact.

Personalized mentoring
and coaching to support
your development and
transition into your full-
time role.

FIND YOUR FIDELITY




Data Science
& Artificial Intelligence
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Predictive Models

Verikas, Antanas; Vaiciukynas, Evaldas; Gelzinis, Adas; Parker, James; Olsson, M. Charlotte. (2016). Electromyographic
Patterns during Golf Swing: Activation Sequence Profiling and Prediction of Shot Effectiveness. Sensors. 16. 592
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Zhen, X., Chakraborty, R., Vogt, N.M., Bendlin, B.B., & Singh, V. (2019). Dilated Convolutional Neural Networks for

Sequential Manifold-Valued Data. 2019 IEEE/CVF International Conference on Computer Vision (ICCV), 10620-10630.



Natural Ask Us
Language

How can | change the beneficiary on my 529 account?

Processing

Vi'hat would you like to do with your 5297
Take a withdrawal for qualified expense
Move money between different 529 accounts

g% Change ownership of the account

[ rl'ﬁ;pe your question here._..




Advanced Experimental Designs

Group sequential trials that have been used widely in other
disease areas for more than 30 years [8] and requiring fewer
patients can be completed in a shorter time frame and, if
designed and implemented correctly, answer the questions
without any loss in statistical validity or scientific integrity.
With this accelerated program, it is important to distinguish
between “‘false positive” and “‘false negative’ outcomes of
phase 2 trials, and to consider the relative “costs” of each. A
false-negative outcome corresponds to a regimen that would
be truly effective but shows no benefit in the intermediate
outcome analysis and is not taken forward to phase 3. In the
absence of other similarly effective regimens, a false-negative
outcome is of a high cost to the global tuberculosis com-
munity as it is unlikely that the regimen will ever be evalu-
ated. A false-positive outcome corresponds to a regimen that

agreed. A major benefit is that standard statistical techniques
can be used to compare the control with those regimens that
are not eliminated at interim analyses without any need for
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Phillips, Patrick; Gillespie, Stephen; Boeree, Martin; Heinrich, Norbert; Aarnoutse, Rob; McHugh, Tim; et. al. (2012). Innovative Trial

Designs Are Practical Solutions for Improving the Treatment of Tuberculosis. The Journal of infectious diseases. 205 Suppl 2.




eXplainable Al & Fairness
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interpretability

Nori, H., Jenkins, S., Koch, P., & Caruana, R. (2019). InterpretML: A Unified

Framework for Machine Learning Interpretability. ArXiv, abs/1909.09223.




Multivariate Time Series Forecasting

Multivariate Time series Convolutional Layer Recurrentand Recurrent-skip layer Fully connected and element-wise sum output
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Autoregresssive

Guokun Lai, Wei-Cheng Chang, Yiming Yang, and Hanxiao Liu. 2018. Modeling Long- and Short-Term Temporal Patterns with Deep Neural Networks. In The 41st International ACM SIGIR

Conference on Research & Development in Information Retrieval (SIGIR '18). Association for Computing Machinery, New York, NY, USA, 95-104.




And More!l







Presentations




Research




The Expertise You Have

Master’s or PhD

e Data Science
Statistics

Computer Science
Operations Research
Related Fields

Machine Learning

e General Linear Models

Robust and Nonparametric Models
Decision Trees, Gradient Boosting

Neural Networks

Unsupervised Learning

Al Ethics, Fairness, and Explainable Models

Programming Skills

e Python and/or R

Data Engineering

Data Analysis and Modeling
Relational Databases (SQL)
Object-Oriented Programming

Natural Language Processing

Named Entity Recognition
Fuzzy Matching
Sentiment Analysis
Knowledge Graph

e Transformer Models

e Chatbots



Stay in touch with us: @FidelityJc
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