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The National Health Interview Survey (NHIS) is an annual cross-sectional survey that
obtains health information for approximately 30K civilian non-institutionalized
adults. The NHIS asks participants over 600 questions on physical and mental health.
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SAMPLE DESIGN

A stratified two-stage design is used with initial sampling of PSUs (county clusters).
This is followed by within-PSU systematic sample of clusters dispersed in a sorted
address-based commercial frame. Field representatives will visit each housing unit.
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Simulated Populations for Systematic Taylor Series
Populations of 10K Units w/ Zero-Slope/Linear/Quadratic Base; Low/High Variation, and 5% Sampling Rate.
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PSU Sample: Sorted based on aggregated population sizes of each county cluster. Population: Persons 18-64
Within-PSU Sample: Clusters are spaced apart based on a Take-Every 1 Parameter. Source: 2021 Small Area Health Insurance Estimates (SAHIE)

Within-Cluster Sample: Units are spaced apart based on a Take-Every 2 Parameter.
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Two or more Pseudo-PSUs are required for any Self-Representing PSU. These Pseudo-
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The Bayesian ranking model produced viable estimates for the joint probabilities,

however, the resulting fpc factors were still negative or close to zero. William Waldron, NCHS
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Let &1, &5, ..., &y denote the 15t stage sorting variable estimates, with &; ~ N(éi, al-z). Using the
design-based estimator 6i2 as a plug-in, we can update the fpc using Monte Carlo methods.
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